BIBLIOGRAPHY 98 [73] A.M. alk er (1967). On the asymptotic eha viour of osterior distributions, J. R. Stat. So c. 31 80{88. [74] C. S. allace and D. M. Boulton (1968). An information measure for classi�cation, Comput. J. 11 2, 185{194. [75] C. S. allace and R. reeman (1987). Estimation and Inference Compact Co ding, J. R. Statist. So c. 49 3, 240-265. [76] N. eir (1991). Applications of maxim um en trop tec hniques to HST data, in Pro- ceedings of the ESO/ST{ECF Data Analysis orkshop, April 1991. [77] A.S. eigend, D.E. Rumelhart and B.A. Hub erman (1991). Generalization eigh t{ elimination with applications to forecasting, in dvanc es in neur al information pr o- essing systems 3, ed. R.P Lippmann et. al. 875{882, Morgan Kaufmann. [78] A. Zellner (1984). Basic issues in onometrics, Chicago. BIBLIOGRAPHY 97 [52] F.J. Pineda (1989). Recurren bac k{propagation and the dynamical approac to adap- tiv neural computation, Neur al Computation 161{172. [53] T. oggio, V. orre and C. Ko (1985). Computational vision and regularization theory Natur 317 6035, 314{319. [54] W.H. Press, B.P Flannery S.A. euk olsky and W.T. etterling (1988). Numeric al cip es in C, Cam bridge. [55] J. Rissanen (1978). Mo deling shortest data description, utomatic 14 465{471. [56] D.E. Rumelhart, G.E. Hin ton and R.J. Williams (1986). Learning represen tations bac k{propagating errors, Natur 323 533{536. [57] D.E. Rumelhart (1987). Cited in 32 ]. [58] G. Sc arz (1978). Estimating the dimension of mo del, nn. Stat. 2, 461{464. [59] H.S. Seung, H. Somp olinsky and N. Tish (1991). Statistical mec hanics of learning from examples, preprin t. [60] S. Sibisi (1991). Ba esian in terp olation, in 20 ], 349{355. [61] J. Skilling, editor (1989). Maximum Entr opy and Bayesian Metho ds, Cambridge 1988, Klu er. [62] J. Skilling (1989). The eigen alues of mega{dimensional matrices, in 61 ], 455{466. [63] J. Skilling (1991). On parameter estimation and quan ti�ed MaxEn t, in 20 ], 267{273. [64] J. Skilling, D.R.T. Robinson, and S.F. Gull (1991). Probabilistic displa ys, in 20 ], 365{ 368. [65] J. Skilling (1991). undamen tals of MaxEn in data analysis, in Maximum Entr opy in action B. Buc and V.A. MacAula eds., Oxford, 19{40.. [66] J. Skilling (1992). Ba esian solution of ordinary di�eren tial equations, in Maximum Entr opy and Bayesian Metho ds, Se attle 1991, G.J. Eric kson and C.R. Smith, eds., Klu er. [67] S.A. Solla, E. Levin and M. Fleisher (1988). Accelerated learning in la ered neural net orks, Complex systems 625{640. [68] D.J. Spiegelhalter and S.L. Lauritzen (1990). Sequen tial up dating of conditional prob- abilities on directed graphical structures, Networks 20 579{605. [69] S.M. Stigler (1986). Laplace’s 1774 memoir on in erse probabilit Stat. Sci. 3, 359{ 378. [70] R. Szeliski (1989). Bayesian mo deling of unc ertainty in low level vision, Klu er. [71] N. Tish E. Levin and S.A. Solla (1989). Consisten inference of probabilities in la ered net orks: predictions and generalization, Pr c. IJCNN, Washington [72] D. Titterington (1985). Common structure of smo othing tec hniques in statistics, Int. Statist. ev. 53 141{170. BIBLIOGRAPHY 96 [35] W.T. Lee and M.F. enorio (1991). On Optimal Adaptiv Classi�er Design Criterion Ho man hidden units are necessary for an optimal neural net ork classi�er?, Pur due University TR-EE-91-5. [36] E. Levin, N. Tish and S. Solla (1989). statistical approac to learning and general- ization in la ered neural net orks, COL ’89: 2nd workshop on omputational le arning the ory, 245{260. [37] D.V. Lindley (1956). On measure of the information pro vided an exp erimen t, nn. Math. Statist. 27 986{1005. [38] T.J. Loredo (1989). rom Laplace to sup erno SN 1987A: Ba esian inference in as- troph ysics, in Maximum Entr opy and Bayesian Metho ds, ed. ougere, Klu er. [39] S.P .Luttrell (1985). The use of transinformation in the design of data sampling sc hemes for in erse problems, Inverse Pr oblems 199{218. [40] D.J.C. MacKa (1991). Ba esian in terp olation, to app ear in Neur al Computation Chapter of this dissertation. [41] D.J.C. MacKa (1991). practical Ba esian framew ork for bac kprop net orks, to app ear in Neur al Computation Chapter of this dissertation. [42] D.J.C. MacKa (1991). Information{based ob jectiv functions for activ data selection, to app ear in Neur al Computation Chapter of this dissertation. [43] D.J.C. MacKa (1991). The evidence framew ork applied to classi�cation net orks, submitted to Neur al Computation Chapter of this dissertation. [44] D.V. Lindley (1970). Ba esian analysis in regression problems, in Bayesian statistics, D.L. Mey er and R.O. Collier, eds., eaco publishers. [45] J.E. Mo dy (1991). Note on generalization, regularization and arc hitecture selection in nonlinear learning systems, First IEEE{SP Workshop on neur al networks for signal pr essing .IEEE Computer so ciet press [46] R.M. Neal (1991). Ba esian mixture mo deling Mon te Carlo sim ulation, preprin t. [47] S.J. No wlan (1991). Soft comp etitiv adaptation: neural net ork learning algorithms based on �tting statistical mixtures, Carne gie Mel lon University Do ctoral thesis CS{ 91{126. [48] S.J. No wlan and G.E. Hin ton (1991). Soft eigh sharing, preprin t. [49] D.B. Ostey ee and I.J. Go (1974). Information, weight of evidenc e, the singularity etwe en pr ob ability me asur es and signal dete ction, Springer. [50] J.D. atric and C.S. allace (1982). Stone circle geometries: an information theory approac h, in chae astr onomy in the Old World, D.C. Heggie, editor, Cam bridge Univ. Press. [51] M. Pluto wski and H. White (1991). Activ selection of training examples for net ork learning in noiseless en vironmen ts, Dept. Computer Scienc e, UCSD TR 90-011. BIBLIOGRAPHY 95 [15] R. Duda and Hart (1973). Pattern Classi�c ation and Sc ene nalysis, Wiley [16] M.A. El{Gamal (1991). The role of priors in activ Ba esian learning in the sequen tial statistical decision framew ork, in 20 ], 33{38. [17] R.L. Eubank (1988). Spline smo othing and non{p ar ametric gr ession, Marcel Dekk er. [18] V.V. edoro (1972). The ory of optimal exp eriments, Academic press. [19] K. ukunaga (1972). Intr duction to statistic al attern gnition, Academic press. [20] W.T. Grandy Jr. and L.H. Sc hic k, eds. (1991). Maximum Entr opy and Bayesian Meth- ds, ar amie 1990, Klu er. [21] S.F. Gull (1988). Ba esian inductiv inference and maxim um en trop in Maximum En- tr opy and Bayesian Metho ds in scienc and engine ering, vol. 1: oundations G.J. Er- ic kson and C.R. Smith, eds., Klu er. [22] S.F. Gull (1989). Dev elopmen ts in Maxim um en trop data analysis, in 61 ], 53{71. [23] S.F. Gull (1989). Ba esian data analysis: straigh t{line �tting, in 61 ], 511{518. [24] S.F. Gull and J. Skilling (1991). Quanti�e Maximum Entr opy. MemSys5 User’s manual, M.E.D.C., 33 North End, Ro yston, SG8 6NR, England. [25] R. Hanson, J. Stutz and Cheeseman (1991). Ba esian classi�cation theory NASA mes TR FIA{90-12-7-01. [26] D. Haussler, M. Kearns and R. Sc hapire (1991). Bounds on the sample complexit of Ba esian learning using information theory and the dimension, preprin t. [27] G.E. Hin ton and T.J. Sejno wski (1986). Learning and relearning in Boltzmann ma- hines, in Par al lel Distribute Pr essing, Rumelhart et. al. MIT Press. [28] J.J. Hop�eld (1987). Learning algorithms and probabilit distributions in feed{forw ard and feed{bac net orks, Pr c. Natl. ad. Sci. USA 84 8429{33. [29] J-N. Hw ang, J.J. Choi, S. Oh, and R.J. Marks (1991). Query{based learning applied to partially trained ultila er erceptrons, IEEE ans. on neur al networks 1, 131{ 136. [30] E.T. Ja ynes (1986). Ba esian metho ds: general bac kground, in Maximum Entr opy and Bayesian Metho ds in applie statistics, ed. J.H. Justice, C.U.P .. [31] H. Je�reys (1939). The ory of Pr ob ability, Oxford Univ. Press. [32] C. Ji, R.R. Snapp and D. Psaltis (1990). Generalizing smo othness constrain ts from discrete samples, Neur al Computation 2, 188-197. [33] R.L. Kash ap (1977). Ba esian comparison of di�eren classes of dynamic mo dels using empirical data, IEEE ansactions on utomatic Contr ol C-22 5, 715{727. [34] Y. Le Cun, J.S. Denk er and S.S. Solla (1990). Optimal Brain Damage, in dvanc es in neur al information pr essing systems 2, ed. Da vid S. ouretzky 598{605, Morgan Kaufmann. Bibliograph [1] Y.S. Abu-Mostafa (1990). The apnik{Cherv onenkis dimension: information ersus complexit in learning, Neur al Computation 3, 312{317. [2] Y.S. Abu-Mostafa (1990). Learning from hin ts in neural net orks, J. Complexity 192{198. [3] H. Ak aik (1970). Statistical predictor iden ti�cation, nn. Inst. Statist. Math. 22 203{217. [4] J.R.P Angel, Wizino wic h, M. Llo yd-Hart, and D. Sandler (1990). Adaptiv optics for arra telescop es using neural{net ork tec hniques, Natur 348 221{224. [5] E.B. Baum (1991). Neural net algorithms that learn in olynomial time from examples and queries, IEEE ans. on neur al networks 1, 5{19. [6] S. Bec er and Y. Le Cun (1988). Impro ving the con ergence of bac k{propagation learn- ing with second order metho ds, in Pr c. of the onne ctionist mo dels Summer scho ol, Ed. D.S. ouretzky et. al. 29, Morgan Kaufmann. [7] J. Berger (1985). Statistic al de cision the ory and Bayesian analysis, Springer. [8] C.M. Bishop (1991). Exact calculation of the Hessian matrix for the ultila er ercep- tron, submitted to Neur al Computation [9] G.L. Bretthorst (1990). Ba esian Analysis. I. arameter Estimation Using Quadrature NMR Mo dels. I. Signal Detection and Mo del Selection. I. Applications to NMR., J. Magnetic esonanc 88 3, 533{595. [10] J.S. Bridle (1989). Probabilistic in terpretation of feedforw ard classi�cation net ork outputs, with relationships to statistical pattern recognition, in Neur o{c omputing: al- gorithms, ar chite ctur es and applic ations, F. ougelman{Soulie and J. erault, editors, Springer{V erlag. [11] M.K. Charter (1991). Quan tifying drug absorption, in 20 ], 245{252. [12] R.T. Co (1946). Probabilit frequency and reasonable exp ectation, m. J. Physics 14 1{13. [13] A.R. Da vies and R.S. Anderssen (1986). Optimization in the regularization of ill{p osed problems, J. ustr al. Mat. So c. Ser. 28 114{133. [14] J.S. Denk er and Y. Le Cun (1991). ransforming neural-net output lev els to probabilit distributions, in dvanc es in neur al information pr essing systems 3, ed. R.P Lipp- mann et. al. 853{859, Morgan Kaufmann. 94